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Vehicle detecting and tracking method in complex environments
WANG Qi, JIN Xiao-feng’

(Intelligent Information Processing Lab, Department o f Computer Science & Technology s
Yanbian University, Yanji 133002 ,China)

Abstract: The paper proposes a method of vehicle detecting and tracking in complex environments.
Firstly, by analyzing the vehicle external feature, the geometrical shape parameters extracted from its
Blob blocks are employed to detect the moving vehicles. Then, vehicle tracking method is presented
based on Blob analysis and CamShift algorithm. Experimental results show that the proposed method
can detect the target vehicle and distinguish the vehicle and pedestrian accurately. The precision rate
of vehicle detecting and tracking achieve 96. 7% and 86. 7% respectively, which prove that the method
is appropriate for the demand of vehicle detecting and tracking in complex environments.

Key words: moving object detection; vehicle detecting and tracking; Blob analysis; CamShift
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Fig.1 Vehicle detecting and tracking work flow diagram
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Tab.1 Comparison of pedestrian and vehicle Blob features in frame sequences
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Tab. 2 Vehicledetecting and tracking result in different time section
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Fig. 5 Traces of moving vehicle
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