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Adaptive texture image retrieval based on transform domain
QIN Zhi-kang” , ZHANG Heng-yang

(Information and Navigation College, Air Force Engineering University ,

Xi'an 710077, China)

Abstract: In order to improve the efficiency of image retrieval, an adaptive texture image retrieval algo-
rithm based on transform domain is proposed. The algorithm uses two-dimensional discrete wavelet trans-
form to reduce the size of the test image and the trained image, and further applies the L. component of
the 2-level decomposition image in the gray level co-occurrence matrix to train and test to extract the tex-
ture features of the image, and finally combine shape features and color features retrieve similar images by
fusing different distance classifiers. In order to improve the adaptive ability of the algorithm, an interactive
genetic algorithm is introduced to dynamically adjust the parameters. The experimental results show that
the accuracy of the proposed algorithm is above 67 % when the number of training iterations is 30, 60,
and 100. The algorithm has high application value in the field of image retrieval, and has the advantages
of stable and reliable performance and high precision.

Key words: image texture; image retrieval; two-dimensional discrete wavelet transform; distance classifier
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Fig.1 Core framework of the system
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Tab.1 Weight selection for different types of images

ey B, gL B AR
KAL 0.25 0.21 0.54
a8 0.23 0.36 0.41
5 0.31 0.42 0.27
H ik 0.29 0.42 0.29
) 0.26 0.33 0.41
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Tab.2 Comparison of search precision and recall rate

SR M IGA IGA+DCT A%
P(30) 0.578 3 0.627 8 0.679 5
P(60) 0.592 1 0.640 2 0.698 1
P (100) 0.629 2 0.657 2 0.710 2
R(30) 0.121 4 0.189 2 0.193 4
R(60) 0.220 3 0.298 3 0.310 2
R(100) 0.341 5 0.352 0 0.387 1
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