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Multi-feature fusion gesture recognition based on
deep convolutional neural network
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Abstract: To solve the problem that the traditional classification method has a relatively single extrac-
tion feature or the structure of the classifier is too simple, leading to a low recognition rate of the sign
language, in this paper, the deep convolutional neural network architecture was combined as a classi-
fier and a multi-feature fusion algorithm, and it was effectively identified by using texture features and
shape features. Firstly, the texture features were obtained by LBP, convolutional neural network and
gray-level co-occurrence matrix methods, in which the shape feature vector consisted of Hu’s invariant
and Fourier descriptors. To avoid overfitting, the "dropout" method was used to train deep convolu-
tional neural networks. This kind of multi-feature fusion sign language recognition method based on

deep convolutional neural network has a recognition rate of 97.73% for 32 gestures in the “hand” data-
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base. Compared with the general sign language recognition method, this method is more robust and

has a higher recognition rate.

Key words: gesture recognition; gesture extraction; multi-feature fusion; deep convolutional neural

network; robustness
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Fig.4 Deep convolutional neural network architecture
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