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Remote sensing image segmentation based on KFCM and EM

hybrid clustering algorithm
WANG Min, ZHANG Xin" » YUN Wei-guo, WEI Ming-fei. WANG Jing

(School of Information and Control Engineering ,

Xi’an University of Architecture and Technology . Xi’an 710055, China)

Abstract: Aiming at the problem that the clustering algorithm is slow in the application and weak in
noise suppression, this article proposes a remote sensing image segmentation based on improved Ker-
nel Fuzzy C-means (KFCM) and EM algorithm hybrid clustering. Firstly, the implicit variables are
introduced into the original KFCM algorithm to predefine the pixels, and then the EM algorithm is
used to evaluate whether the predefined categories are optimal, so as to complete the clustering of the
remote sensing images. When using the EM algorithm for evaluation, the KFCM introduces the
spatial neighborhood information and the inertia weight is used to optimize the initialization
parameters to enhance the efficiency of the algorithm. Compared with the traditional clustering meth-

ods, the results show that the method in this article is fast and effective, and the precision can meet
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the application requirements and has high application value.
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