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Improved TLD object tracking algorithm based on
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SUN Bao-ji'?» ZHANG Bao'* , SONG Ce', LONG Si-yuan'*

(1. Changchun Institute of Optics s Fine Mechanics and Physics, Chinese Academy of Sciences ,
Changchun 130033, China ;
2. University of Academy of Sciences, Beijing 100049, China)

Abstract: A new object tracking algorithm has been proposed which is based on the corner reinforced
for the problem of the feature points can’t represent the target effectively in the TLD. The Shi-Tomas
corner point has been added into the existing tracking points as the feature points, which is insensitive
to the light change and invariant to rotation. When tracker is running, the target will be located by the
reserved corner which is tracked by the optical flow and filtered by the error detector. The
experiments show that the algorithm can track the target steadily when faced with the target shaking
and appearance changing. And the algorithm can effectively prevent the drift tracking caused by the

tracking smooth pixels and improve the tracking stability. In addition, a model deleting after judging
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system has been proposed for solving the problem of calculated amount increasing and real time de-

creasing caused by the online model accumulating during the TLD tracking. The system will delete the

unrepresentative models according to the similarity of the target and the online model when the model

quantity reaches to a certain amount. The experiments show that the system can decrease the compu-

tational complexity effectively, and increase the real time by 20% especially handling with the rapid

model updating and longtime tracking circumstances.
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Fig.1 Detailed block diagram of the TLD framework
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